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1 Introduction
Since the turn of the century,more than 10 bills and resolutions have been introduced in
the Texas Legislature with an aim at reforming the state’s position on commercial casino
gaming. Interest in legalized commercial casino gaming has increased in recent ses-
sions, and current trends suggest the interest will continue in future sessions. Given that
landscape, the North Texas Commission (NTC) has engaged faculty and students at the
University of Texas atDallas to explore thepotential social impacts of commercial casino
gaming on North Texas communities.

2 Scope of Review
This review is confined to the social impactsof commercial casinogaming, and the forth-
coming quantitative projection is confined to an estimation of effects on North Texas
communities. Our literature review focuses on a broad spectrum of social impacts ex-
plored in the extant literature. While the majority of literature we reviewed exploredthe
impacts of commercial casino gaming, some research areas feature tribal gaming more
heavily.
The sections that follow outline our work to date.
1. Research Question and Empirical Strategy

This section outlines our empirical approach for estimating the social impact in
North Texas. As the reader will note, we propose a fairly robustmethodological ap-
proach that involves exploring effects observed in other states to create a synthetic
"Texas" where commercial casino gaming has been legalized. This sophistication
has implications for the number of indicators that we can explore, a point we will
discuss more fully later in this paper.

2. Social Impacts in the Extant Literature
With our methodological approach defined, we next turn to an exploration of the
extant academic literature on the social impact of casino gaming. Our extensive
review has focused largely on the impact areas of interest identified in partnership
with the North Texas Commission: crime and public safety; youth outcomes and
higher education; mental health, behavioral health, and overall health; and eco-
nomic andmarket considerations.

3. Review of Social Impact Indicators Proposed for Consideration
Based on our review of the extant literature, we propose a slate of candidate in-
dicators for potential inclusion in the analytical framework. As noted below, the
methodological rigorofourproposedmethodology imposes significantconstraints
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on the data wemay use. For that reason, our analysis will necessarily be limited to
a subset of the broad slate of indicators we propose herein.

Finally, we include in an appendix aGuide to Evaluating Papers. Our review of the extant
literature has revealed awide array ofmethodological sophistication in research to date,
some of which are better equipped to indicate causality than others. Our hope is that
this guide will help readers evaluate the numerous articles circulating about the social
impact of casino gaming.

3 Research Question and Empirical Strategy
Our key research question is as follows:

How would the legalization of commercial casino gaming in North Texas
affect crime, youthoutcomes,mentalhealth, andalternative formsofgam-
bling?

Because casinos have not yet been placed in these North Texas locations, we cannot
directly observe the before/after impact there. Furthermore, as we will discuss below,
simple before/after comparison can bemisleading, as it ignores pre-existing trends. In-
stead, wemust:
1. Select relevant outcomes of interest based on the existing literature.
2. Learn the causal effects of casino openings in locationswhere casinos have already

been introduced.
3. Extrapolate those effects to the two North Texas locations.

The core challenge is to construct a credible counterfactual: whatwouldhavehappened
in a given location if a casino had not been placed there? Our empirical strategy first
builds such counterfactuals for places that actually did (or almost did) receive casinos,
and then uses these estimated effects to predict impacts in North Texas.

3.1 Step 1: Outcomes of interest
Guided by the literature on casinos, gambling, and local development, we group out-
comes into four broad domains:
1. Crime and Public Safety: e.g. property crime, violent crime, and other relevant

offense categories.
2. Youth and Higher Education: e.g. school attendance, disciplinary incidents, aca-

demic performance, and graduation or dropout measures.
3. Mental Health, Behavioral Health, and Overall Health: e.g. hospitalizations or

emergencyvisits formental-health-relatedconditions, suicidesor suicideattempts
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where feasible.
4. EconomicandMarketConsiderations: e.g. lottery sales, online sportsbetting, other

legal or informal gambling activities.
In the sections that follow,we explore the extant academic literature and identify a broad
set of potential outcomemeasures. For each domain, wewill select a subset of outcomes
that are consistently measured across locations and over time, and that the previous
literature has flagged as potentially casino-sensitive.

3.2 Step 2: Learning effects from other casino locations
To learn the causal effects of casinos, we rely on quasi-experimental variation from loca-
tions that have already undergone casino licensing decisions. In particular, we use the
research design described in Anisfeld and Rosenthal-Kay (2025). In cases where data do
not meet the criteria for our baseline analysis, we will construct a synthetic unit of in-
terest (ISD, county, school campus, zip area) thatmimics the performance of the treated
unit before casino opening, and compare the actual unit to that synthetic projection.

3.2.1 Runner-up design and the counterfactual

Anisfeld and Rosenthal-Kay:
• Locations thatwere awarded a casino license, and
• “Runner-up” locations that narrowly lost the opportunity to host the same casino.

Because the winning and runner-up locations are chosen through a tightly scored li-
censing process, the identity of the eventual winner in each pair can be treated as as-if
random. In other words:

• Conditional on being in a finalist pair, the winning and losing locations are very
similar ex ante.

• Whichmemberof thepair receives the casino is effectively determinedbyanarrow,
quasi-randommargin.

This design has a clear interpretation:
• The runner-up locations form aproper control group: they are highly comparable
to the casino locations but do not receive a casino.

• The changeover time inoutcomes in runner-up locations tells uswhatwould likely
have happened in the winning locations if they had not received a casino—that is,
the counterfactual trend.

For each pair of winner and runner-up locations, we compare:
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Change in outcomes where a casino opened vs.
Change in outcomes in the runner-up (no casino) location.

The difference between these two changes gives us an estimate of the causal effect of
the casino on the outcomes of interest for that pair. We compute such effects across
all pairs of locations and for each outcome (crime, youth outcomes, mental health, and
alternative gambling), obtaining a set of location-specific effect estimates.
Thisdesign requires the following: the runner-up locationand thewinner locationshould
have the same trends in the outcome of interest before the treatment (casino opening
for most cases, casino announcement for economy-related outcomes). If this fails, we
would need to switch to a synthetic control method. We will use a similar method to
project the effects to North Texas locations (see details below).

3.3 Step 3: Extrapolating effects toNorthTexas via a syntheticmethod
The next challenge is to translate these estimated effects into predictions for the two
North Texas locations. No existing casino locationwill be exactly like North Texas, either
in levels of crime and other outcomes, or in how those outcomes evolved prior to casino
legalization in other locations. Instead of choosing one “most similar” place by hand, we
construct a synthetic version of each North Texas location.

3.3.1 Intuition: synthetic North Texas

The idea of the synthetic method is to approximate North Texas by a weighted average
(a convex combination) of observed locations:

• Suppose we have 10 casino-eligible locations from the runner-up design, indexed
by 𝑖 = 1, . . . , 10.

• Some locations (say 1–3) look very different from North Texas in terms of historic
crime levels and trends.

• Others (say 4–5) look very similar, and the remaining ones are somewhat similar.
We assign non-negative weights𝑤𝑖 to these locations that sum to 1. These weights are
chosen by an algorithm to make the weighted average of past outcomes in the donor
locations match the pre-casino data for North Texas as closely as possible. Concretely,
for a given outcome (e.g. crime), the weights are chosen so that:

• The weighted average crime level in the donor locations matches the pre-casino
crime level in North Texas.

• Theweighted average changes in crime over time in the donor locationsmatch the
pre-casino crime trajectory in North Texas.

In a typical case:
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• Weights on very dissimilar locations (1–3) will be close to zero.
• Weights on themost similar locations (4–5) will be relatively large.
• Weights for the remaining locations will lie between.

3.3.2 From local effects to predicted North Texas effects

Once we have the weights 𝑤𝑖 for a North Texas location, we use them to combine the
estimated casino effects from each donor location:

• Let𝜏𝑖 be the estimated causal effect of casinos on an outcome (e.g. crime) in donor
location 𝑖 , obtained from the winner/runner-up comparison.

• The predicted effect for the North Texas location is then:

𝜏𝑁𝑇 =

10∑︁
𝑖=1

𝑤𝑖𝜏𝑖 .

Intuitively, this says:
The effect of casinos in North Texas is approximated as a weighted average
of effects in places that are historically similar to North Texas, with greater
weight given to themost similar places.

3.3.3 Reducing researcher discretion

A key advantage of the synthetic approach is that the weights are not chosen informally
by the researchers. Instead, theyare selectedbyawell-definedoptimization routine that:

• Minimizes the discrepancy between pre-casino outcomes in North Texas and the
weighted average of donor locations, subject to weights being non-negative and
summing to one.

• Uses only pre-casino data to construct the synthetic North Texas, thereby avoiding
tuning based on post-casino outcomes.

This reduces the researcher’s discretionat the stageof outcomecalculationandstrength-
ens the credibility and transparency of the extrapolation. For each outcome domain
(crime, youth outcomes, mental health, and alternative gambling), we repeat this pro-
cess, producing a set of synthetic-based predictions for how casino legalization would
affect the two locations in North Texas.

4 Social Impacts in the Extant Literature
In this section, we review our team’s work on the broader social impacts of casino gam-
ing. The contemporary literature on commercial casino gaming reaches beyond simple
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economicmetrics to interrogate a set of interlinked social indicators—crime and public
safety; youth outcomes and higher education; mental health, behavioral health, and
overall health; and economic and market conditions. Across these domains, findings
are rarely absolute. Outcomes depend heavily on research design, data sources, mar-
ket structure and maturity, the surrounding tourism ecology, and policy environments.
As a result, the empirical record contains both consistent empirical regularities (e.g.,
property and certain white-collar crimes appear most sensitive to casino introduction)
and important contingencies (e.g., whether visitor inflows are properly accounted for,
or whether gambling products substitute for one another). This synthesis integrates the
findings into a coherentnarrative, emphasizing thepathways throughwhichcasinos can
generate benefits, risks, or both—sometimes simultaneously.

4.1 Measurement andMethodological Foundations
A central reason the literature yields seemingly divergent conclusions is methodologi-
cal. For example, crime research frequently relies on Uniform Crime Reporting (UCR),
National Incident-Based Reporting System (NIBRS), and police calls-for-service data.
These sourcesdiffer incoverageand inhowtheyhandlemulti-offense incidents,with the
UCR’s historicalHierarchy Rule, voluntary participation, and the persistent “dark figure
of crime” (offenses not reported to or recorded by police) shaping what appears in the
data and what remains invisible. Consequently, estimates of changes in crime following
casino openings can be biased if analysts do not account for under-reporting, agency
submission gaps, or shifts in reporting practices over time (e.g., upgrades to NIBRS).
Analytically, researchdesigns range fromcross-sectionalor simplebefore-and-after com-
parisons tofixed-effectspanelmodels, difference-in-differencemodels, andevent-study
frameworks. Identification challenges loom large. Casinos are rarely located at random;
they are often sited where tourism amenities, transportation infrastructure, or political-
economic conditions already differ from those in control areas. In studies of gambling
markets, researchers have shown that ordinary least squares (OLS) regression can ob-
scure substitutionordisplacementeffects thatbecomeevidentonlywhenstrategy-resistant
designs—such as difference-in-difference combined with instrumental variables—are
used (Humphreys, 2021). Similarly, classic perspectives in economics suggest that casi-
nosmayboth cannibalize proximateentertainmentexpendituresand complement tourism
economies, suggesting that net social outcomes hinge on context andproductmix (Ead-
ington, 1999).
Implication: Findings must be interpreted through the lens of data quality and identi-
fication. Evaluations that adjust for visitor volumes, incorporate adequate pre-trends,
and test robustness to alternative specifications yield more credible estimates of social
impact.
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4.2 Crime and Public Safety
4.2.1 Types of Crime

Among the most consistent findings in the empirical record is that economically moti-
vated offenses—especially property crime (e.g., larceny, motor vehicle theft, robbery)
and some white-collar crime (forgery, fraud, embezzlement)—demonstrate sensitivity
to casino activity in certain settings. National- and state-level panel studies, as well as
community-level analyses, have reportednotable increases in thesecategoriesafter casino
introduction (Friedmanetal., 1989;Giacopassi andStitt, 1994;GrinolsandMustard, 2006).
Research in Canada and the United States has tied somewhite-collar arrests to problem
gambling among offenders who commit financially motivated crimes to support losses
(Arthur et al., 2014; Gazel et al., 2001). Survey-based work inMacau similarly findsmea-
surable levels of occupational theft within the gaming sector workforce, though such
offenses comprise a small fraction of overall crime (Pontell et al., 2022).
By contrast, violent crime effects are less consistent. Several studies find no statistically
significant association with homicide or sexual assault (Chang, 1996; Giacopassi and
Stitt, 1994). One national analysis, however, suggests a delayed rise in rape and aggra-
vated assault following casino openings (Grinols and Mustard, 2006), while a study in
Indiana reports a decrease in rape in one host city (Wilson, 2001). These mixed results
imply that violent outcomes are more likely to be mediated by local nightlife contexts,
alcohol service, security practices, and policing strategies than by casinos per se.
Importantly, someresearchcomplicates theprevailingnarrative. Usingfixed-effectspanel
regressions, Reece (2010) finds that casino activity (as proxied by turnstile counts) is as-
sociated with reductions in several crime rates, including larceny, motor vehicle theft,
assault, and robbery, while also reporting a delayed increase in burglary three to four
years after a new casino opens. Albanese (2008) similarly reports post-introduction de-
clines in forgery and fraud in several jurisdictions. These results underscore a broader
point: the direction of change can pivot on local implementation and the time horizon
examined.

4.2.2 Short-run vs. Long-run Dynamics

Time matters. In one of the most widely cited national studies, Grinols and Mustard
(2006) report that crimeeffectsareprimarily long-run: first-yearandsecond-yearchanges
are often small or statistically insignificant, with more pronounced increases emerging
in years three through five. They posit that immediate job creation and security invest-
mentsmay initially suppress crime, while the development of gambling problems—and
the associated financial strain that can motivate economically driven offenses—takes
time to unfold. Yet the long-run pattern is not universal. InMichigan, Falls and Thomp-
son (2014) find thatwhenexplicitlymodeling casinoage, the long-termeffect on robbery
is negative, indicating a decline as casinos mature. Short-term evaluations are equally
heterogeneous: some record immediate increases (Gazel et al., 2001; Giacopassi and
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Stitt, 1994; Lan et al., 2021; Piscitelli and Albanese, 2000; Stitt et al., 2003), others find
decreases (Chang, 1996; Johnson and Ratcliffe, 2017), and still others detect no change
(Illinois Criminal Justice Information Authority, 1994; Wilson, 2001).

4.2.3 Spatial Spillovers and the “Population at Risk”

Spatial patterning is another recurring theme. Early work on Atlantic City found that
crime increases were not confined to casino properties but spilled over into adjacent
communitiesandalong transportationcorridors feeding thedestination (Friedmanetal.,
1989). More recent work shows increased crime on college campuses within a 10-mile
radius (Hyclak, 2011), while place-based analyses in Cincinnati map distinct hot spots
arounddowntowngamingvenues (Lanet al., 2021). Studiesof temporal rhythms inReno
report that calls for disorder in casino areas climax in the early morning hours—timing
aligned with nightlife dynamics—while property crime peaks show similar diurnal pat-
terns inside and outside casino zones (Barthe and Stitt, 2009).
A critical corrective in this literature is the adjustment for tourist exposure. When re-
searchers treat incidents as a function of resident population alone, they risk overstating
crime rates in host communities. Analyses that incorporate visitor counts or hotel oc-
cupancy can flip the interpretation: raw incidents may rise while visitor-adjusted rates
fall or remain stable, indicating relatively lower risk per person even as total incidents
increase (Chang, 1996; Barthe and Stitt, 2009). Routine activities theory supports this
intuition: tourists are “suitable targets”—they carry cash, are unfamiliar with neighbor-
hoods, and are less vigilant—so increments in crime may reflect visitor victimization
more than increased risk for residents (Wilson, 2001).
Synthesis: The crime literature converges on a few durable themes: property and some
white-collar offenses are most responsive to casino presence; violent crime effects vary
andare context-dependent; long-rundynamics andmarketmaturitymatter; andproper
denominators (visitor-adjusted rates) are essential to infer community risk accurately.

4.3 Youth Outcomes and Higher Education
Casinos can shape youth outcomes by twopartially offsetting channels: resource effects
and risk exposure. On the resource side, gaming revenues have funded scholarships
and educational improvements in some tribal and local contexts, potentially widening
access tohigher education (Akeeet al., 2010;Martin andAdams, 2006, as reviewed). Such
investments may also indirectly reduce stress in households that benefit from casino
employment or community revenue sharing, with plausible protective effects for youth
mental well-being.
On the risk side, adolescents and college students who gamble—especially those meet-
ing screens forproblemgambling—displayhigher ratesof hazardousdrinking, cannabis
dependence, psychological distress, and delinquent behaviors than non-gamblers or
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casual gamblers (Cook et al., 2015). Cross-sectional and longitudinal evidence likewise
associates youth gambling with a cluster of health-risk behaviors, including daily smok-
ing and illicit drug use, although the direction of causality is difficult to pin down and
likely bidirectional in many cases (Hayatbakhsh et al., 2012). Among college students
specifically, elevated gambling can erode academic performance by displacing study
time and impairing concentration (e.g., Allen et al., 2025, as reviewed). The net educa-
tional effect in a given community thus hinges on the balance between institutional in-
vestment (scholarships, school inputs) and individual-level risks tied to increased gam-
bling exposure.
Implications: Youth prevention and screening should be integrated into school, pedi-
atric, and campus settings, with targeted supports for households where parental gam-
bling problems are present. If scholarship dollars and capital funds are paired with pre-
vention programming, communities can harness the benefits of casino revenue while
limiting spillover risks for youth.

4.4 Mental Health, Behavioral Health, and Overall Health
Research on the health effects of commercial casino gaming highlights a complex rela-
tionship between gambling environments, behavioral health, and broader community
well-being. While most individuals engage in gambling without severe consequences,
a subset experience harms that intersect with mental health, substance use, and other
health outcomes. The following sections review evidence on alcohol-related disorders
andpublicorderconcerns, vulnerabilitiesamongspecificpopulations suchasolderadults
and veterans, the intertwined nature of comorbid conditions, and emerging approaches
to harm reduction and integrated care.

4.4.1 Substance Use, Alcohol-Related Disorder, and Public Order

Casinos are social environments that bundle gamblingwith alcohol andnightlife ameni-
ties. Unsurprisingly, the evidence on alcohol- and drug-related outcomes is mixed and
highlycontingenton localpolicyandenforcement. InPhiladelphia, aquasi-experimental
analysis around a new casino found that drug crime (buying/selling) decreased within
the casino area and a surrounding buffer after opening, suggesting a benefit diffusion
effect—possibly due to increased guardianship and surveillance (Johnson and Ratcliffe,
2017). Conversely, in one Indiana riverboat setting, the casino’s presence correlatedwith
small yet statistically significant increases in driving under the influence (2.20%) and
public intoxication (3.22%) (Wilson, 2001). Other work finds no association between
casino introduction and intoxicated driving incidents (Gazel et al., 2001).
These varied findings likely mirror differences in bar and floor service policies, closing
times, server training, transit availability (e.g., late-night ride-share), and targeted en-
forcement around exits and parking structures. They also underscore an important gen-
eralization: alcohol-related harms around casinos appearpolicy-sensitive. Where place
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management and transportation safety are emphasized, substance-related public order
problemsmay bemitigated even as foot traffic grows.

4.4.2 Special Populations: Older Adults and Veterans

Two special population profiles feature prominently.
Older adults (60+) who frequently visit casinos (e.g., monthly) score higher on screens
for problemgambling and reportmoremental health challenges thannon-visiting peers
(ZaranekandLichtenberg, 2008). TheSouthOaksGamblingScreen (SOGS)andDSM-based
criteria are commonly used in this literature, underscoring clinically meaningful eleva-
tions in risk for a subgroup of older adults (Cheung, 2014). Themechanismmay involve
amix of fixed incomes, social isolation, and the allure of structured leisure environments
that provide social contact but also repeated exposure to high-velocity gambling prod-
ucts. For this population, routine, low-burden screening in senior centers and primary
care, paired with brief interventions and referral pathways, can be impactful.
Veterans exhibit high rates of recreational gambling, and a measurable minority screen
positive for at-risk/problem gambling; those who screen positive display higher preva-
lence of substance use and anxiety than veteran non-gamblers or low-risk gamblers
(Stefanovics et al., 2017). Integrating gambling screening into VA and community be-
havioral health workflows can surface problems earlier and facilitate co-management
of gambling with comorbid post-traumatic stress disorder (PTSD), depression, or sub-
stance use disorders.

4.4.3 Directionality, Comorbidity, and Care Integration

The association between gambling and mental health is notably reciprocal. On one
hand, population studies and clinical samples document significant associations be-
tween gambling and a range of mental and behavioral health problems (Okunna et al.,
2016). On the other hand, longitudinal work identifies pre-existing psychiatric diag-
noses—including substance use disorders, borderline personality disorder, bipolar af-
fective disorder, and psychotic disorders—as predictors of subsequent problem gam-
bling (Manning et al., 2017). Cross-lagged path models complicate the picture further:
for example, one cohort analysis found that alcohol use, daily tobacco use, and drug
use at an earlier wave did not predict the later development of any-risk gambling (low,
moderate, or problem levels), suggesting that substance pathways to gambling disorder
are not uniform across populations (Dowling et al., 2019).
Within treatmentpopulations,disorderedgamblers—definedbyDSM-5criteria—report
higherdruguse and impulsivity thannon-disordered gamblers, highlighting shared eti-
ological factors (Palmer-Bacon et al., 2017). The takeaway is programmatic rather than
rhetorical: integrated caremodels that screen for gambling in mental health and sub-
stance use services (and vice versa) are more likely to intercept escalating harm than
siloed systems. Screening tools can be brief; referral and stepped-care options—ranging
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frommotivational interviewing tocognitive-behavioral therapyandfinancial counseling—
should be embedded where individuals already self-present for care.

4.4.4 Health Harms andHarmReduction

A thread of evidence from natural policy experiments suggests that restricting access to
high-risk products—notably electronic gaming machines (EGMs)—is associated with
lower gambling problems at the population level (Russell et al., 2023). Complemen-
tary survey-basedwork documents that spending at casinos is oftendiverted fromother
household consumption categories, with potential secondary effects on local retail and
service sectors (Roomet al., 1999). Systematic reviews synthesize thesepatterns, arguing
that long-term social costs canweigh against revenue benefits absent intentional harm-
minimization (Marionneau and Nikkinen, 2017, 2020).
Evidence-informedharm-reduction strategies include limits onmachine speed andbet
size, plain-language loss/time displays, mandatory breaks, venue staff training to iden-
tify risky play, and robust self-exclusion programs. The most promising results come
when thesemeasures are embedded in a broader ecosystemof treatment access, finan-
cial counseling, andproactive outreach to at-risk groups (e.g., veterans, older adults, and
youth with family gambling problems).

4.5 Economic andMarket Considerations
4.5.1 Market Structure, Substitution, and Fiscal Interdependence

From an economic perspective, the most robust cross-cutting theme is substitution:
new gambling products frequently reallocate demand rather than generating purely ad-
ditive consumption. Foundationalwork framedcasinos as capableofbothcannibalizing
nearby entertainment spending and complementing tourism inflows (Eadington, 1999).
Empirically, casinos have repeatedly been shown todisplace lottery demand, especially
during entry periods—e.g., additional slot machines associated with lower lottery rev-
enues or sharp local declines inmulti-state game sales when a new casino opens nearby
(Siegel andAnders, 2001; Cummings et al., 2017). Studies of electronic and video gaming
terminals, fixed-odds betting terminals, and sports betting find both substitution and
complementarity depending on proximity, product design, andmarket maturity (Pa-
ton and Williams, 2013; Phipps et al., 2020; Toossi and Zhang, 2019; Humphreys, 2021;
Nedved and Ferreira Neto, 2024).
This substitution logic carries through to fiscal outcomes. Gambling revenues behave
likean implicit taxwhoseyielddependsonconsumerdemand;whennewproducts com-
pete for the same payer base, aggregate public receipts may be lower than headline fig-
ures imply because one product’s gains are another’s losses (Siegel and Anders, 2001;
Phipps et al., 2020; Toossi and Zhang, 2019; Humphreys, 2021). Moreover, governments
engage in intergovernmental competition—tuning payout rates or product portfolios
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in response to neighbors—further destabilizing the tax base (Brown and Rork, 2005).
Even inside the lottery sector, new formats cancannibalizeolderones (Forrest andPérez,
2011; Forrest et al., 2004).
For non-gambling sectors, household surveys and community studies document that
casino expenditures are often diverted from other categories (e.g., entertainment, food,
rent), although the magnitude varies by context (Room et al., 1999). Systematic reviews
conclude that while gambling can bolster public budgets and catalyze tourism, these
benefitsmay beoffsetby long-run social costs, including addiction, health burdens, and
productivity losses, particularly where high-risk machine gambling is widely accessible
(Marionneau and Nikkinen, 2020; Russell et al., 2023).
Implications: Fiscal forecasts shouldmodel cross-price elasticities across gambling for-
mats and anticipate policy moves by neighboring jurisdictions. Earmarking a share of
revenues for prevention, treatment, and independent evaluation can convert a volatile
revenue stream into sustained capacity for harm reduction and evidence-guided policy.

4.5.2 Tourism, PlaceManagement, and Comparative Destinations

Casinos are rarely standalone. They operate within tourism ecosystems comprising ho-
tels, restaurants, bars, entertainment venues, and transportation nodes. Studies that
compare gaming counties with other tourism counties indicate that crime profiles vary
by tourism type; in Colorado, for example, ski counties recorded higher rates of prop-
erty crime than casino counties, with no systematic differences in violent crime or total
arrests across tourism categories (Park and Stokowski, 2011). This observation reorients
policy attention from the binary “casinos or not” to placemanagement: lighting, urban
design, guardianship, crowd flow, responsible alcohol service, and night-time transit.
Adjusting crime metrics by visitor counts or footfall further clarifies the landscape. A
risingnumerator (incidents) pairedwith aneven faster-risingdenominator (visitors) can
yield declining per-capita risk, especially for visitors, even as police workloads grow.
This is not to minimize community costs—calls for service, staffing, and infrastructure
must scale with foot traffic—but to emphasize that calibrated mitigation (e.g., targeted
patrols during peak hours, ride share partnerships, server training) canmaterially shape
outcomes (Barthe and Stitt, 2009; Chang, 1996; Wilson, 2001).

4.6 Integrating the Evidence Across Social Indicators
Pulling these strands together yields a pragmatic framework:
1. Crime and public safety. Expect the strongest and most consistent associations

in property and white-collar crime categories, with violent outcomes varying by
context. Anticipate lagged effects, and analyze through visitor-adjusted denomi-
nators to avoid over-attributing risk to residents (Friedman et al., 1989; Grinols and
Mustard, 2006; Reece, 2010; Falls and Thompson, 2014; Barthe and Stitt, 2009).
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2. Alcohol, drugs, and disorder. Substance-related outcomes are policy-sensitive.
Targeted place management and transport safety can limit drunk driving arrests
and intoxication-relatedoffenses despite increases in foot traffic (JohnsonandRat-
cliffe, 2017; Wilson, 2001; Gazel et al., 2001).

3. Youth and education. Casino revenues can fund scholarships and schooling, but
adolescent and college problem gambling correlates with substance use, distress,
and lower academic performance. Net effects hinge on pairing investments with
prevention and screening (Akee et al., 2010; Martin and Adams, 2006; Cook et al.,
2015; Hayatbakhsh et al., 2012).

4. Special populations. Older adults and veterans present identifiable risk profiles;
low-friction screening and integrated care in settings they already use (senior cen-
ters, VA clinics) are warranted (Zaranek and Lichtenberg, 2008; Stefanovics et al.,
2017; Cheung, 2014).

5. Mental health. Associations are reciprocal and heterogeneous across cohorts; co-
occurring disorders call for integrated treatment pathways rather than siloed ser-
vices (Okunna et al., 2016;Manning et al., 2017; Dowling et al., 2019; Palmer-Bacon
et al., 2017).

6. Market andfiscal dynamics. Product substitution is common; revenues are inter-
dependent and vulnerable to cross-border policy competition. Forecasts should
modelcannibalizationandearmark funds forharmreductionandevaluation (Ead-
ington, 1999; Siegel and Anders, 2001; Cummings et al., 2017; Humphreys, 2021;
Phipps et al., 2020; Toossi and Zhang, 2019; Nedved and Ferreira Neto, 2024).

7. Tourismandplacemanagement. Focusonhowdestinationsaremanaged-lighting,
guardianship, crowd control, alcohol service, and late-night transportation-rather
than on casinos in isolation. Use visitor-adjusted metrics to guide deployment
(Park and Stokowski, 2011; Barthe and Stitt, 2009).

4.7 Limitations and Research Priorities
Several gaps deserve emphasis. First, causality under heterogeneity remains a chal-
lenge: markets vary by product mix, regulatory standards, and tourism intensity, and
cross-sitequasi-experimentswithharmonizedmethodsare still scarce. Second,weneed
strongermicro-macro linkages connecting individual gambling trajectories (and debt
dynamics) toneighborhood-level crimeandhealth servicedemand. Third, standardized
visitor-adjusted indicators would improve comparability across jurisdictions and over
time, supporting more precise inferences about resident risk. Fourth, distributional
incidence is understudied: scholarship and employment benefits diffuse broadly, while
harmsconcentrate invulnerable subgroups; futureworkshouldquantifywhobearswhat
share of costs. Finally, rapid growth in sports betting and online gambling is reshaping
substitutionpatterns; continuousmonitoring is required toanticipatehowdigital access
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interacts with brick-and-mortar casinos in both fiscal and health domains (Humphreys,
2021; Nedved and Ferreira Neto, 2024).

4.7.1 Conclusion

Taken together, the literature suggests that commercial casino gaming is neither a blunt
scourge nor a simple boon. It is a complex policy domain whose social footprint de-
pends on product mix, visitor exposure, place management, and the quality of preven-
tion and treatment systems that surround it. The most consistent relationships appear
in economically motivated crime, especially over multi-year horizons, and inmarket
substitution that complicates fiscal expectations. In youth and education, casinos can
fundopportunities evenas they raise risk for subsets of adolescents andcollege students.
Among older adults and veterans, identifiable risk profiles argue for low-friction screen-
ing and integrated care. Mental health associations are reciprocal, calling for service in-
tegration rather than silos. Across all domains,measurement matters: visitor-adjusted
denominators andmulti-yearmonitoring can reconcile raw incident growthwith stable
or falling per-capita risk.
For policymakers and practitioners, the imperative is to design for net social benefit:
build better baselines (including visitor metrics), plan for long-run evaluation, regulate
high-risk product features, manage nightlife environments, target prevention to vulner-
able groups, and model fiscal interdependencies realistically. Done well, this approach
recognizes casinos’ entertainment and revenue potential while minimizing avoidable
harms through evidence-led policy and practice.

5 Review of Social Impact Indicators Proposed for Con-
sideration

Across thenarrativesandmatrices, theprojectproposesamulti-domain indicator frame-
work that captures both near-field exposure effects (e.g., crime in blocks and tracts prox-
imate to casino sites) and area-wide spillovers (e.g., county or metro changes in public
health, youth behavior, andmarket structure). Our approach emphasizes:

• aligning theory with measurement (Routine Activities Theory, Social Disorganiza-
tion Theory, substitution vs. complementarity in gamblingmarkets, and the like);

• paying close attention to spatial/temporal resolution so effects are not averaged
away; and,

• foregrounding feasible, public (or low-cost) data sources for a North Texas policy
assessment.
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5.1 Crime and Public Safety
5.1.1 Indicator A—Street Property Crime (Robbery, Burglary, Larceny, Motor Vehi-

cle Theft)

Definitionandconstruct: Incidentsof robbery, burglary/breakingandenter-
ing, theft from building, theft frommotor vehicle, all other larceny, and mo-
tor vehicle theft, generally coded via the National Incident-based Reporting
System (NIBRS)/Uniform Crime Reporting (UCR) systems. This bundle op-
erationalizes Routine Activities Theory’s prediction that high-volume visitor
environments create crime “hotspots” by concentrating suitable targets.
Unit of analysis: Preferably block level (or tract) for primary analysis; county
level for cross-jurisdictional panels.
Spatial coverage: U.S. coverage via NIBRS; local analyses around candidate
casino sites (e.g., inNorthTexas) should include distance bands to test spatial
decay.
Temporal coverage:Monthly series recommended tocapture seasonality/tourism
cycles; annual county series used whenmonthly is unavailable.
Source and access: FBI NIBRS (public via the Inter-university Consortium
for Political Science Research (ICPSR) and other state portals); local police
open-data portals where available.
Construction notes: Geocode incidents; create buffers (e.g., 0–0.5 mi, 0.5–1
mi, 1–3mi) aroundcasinoaddresses; normalizebypopulation-at-riskproxies
(resident population + visitors).
Keycaveats: County-level aggregationcanobscurehotspoteffects;must con-
trol for visitor volume and policing to avoid conflating incidence with expo-
sure and enforcement.
Hypothesized relationship: Increase innear-fieldproperty crimeafter open-
ing; effect decays with distance; violent-crime effects are less consistent.
Policy relevance: Supports targeted situational crime prevention, perimeter
patrols, parking-lot security, and coordinated policing in adjacent blocks.

5.1.2 IndicatorB—ViolentCrime(Aggravated/SimpleAssault, Robberycountedabove,
Kidnapping/Abduction)

Definition and construct: NIBRS violent offenses, with special attention to
assaults and kidnapping/abduction due to venue-related conflicts and po-
tential trafficking linkages.
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Unit of analysis: Block/tract near casino; county for jurisdictional compar-
isons.
Spatial coverage: Same as above (NIBRS with geocoding where feasible).
Temporal coverage:Monthly preferred.
Source and access: FBI NIBRS; local open-source data.
Constructionnotes: Separate on-premises vs. adjacent-area incidentswhen
possible; control for visitors and law-enforcement deployment.
Keycaveats: Reporting andclassificationpractices vary; need tomodel polic-
ing intensity and alcohol availability.
Hypothesizedrelationship:Mixed; assaultsmay rise locally; kidnapping/abduction
may increase in connection with trafficking or extortion contexts.
Policy relevance:Guideszoning, alcohol-servicemanagement, andevent-driven
staffing by police.

5.1.3 Indicator C— Sexual Offenses (Rape, Sexual Assault, Statutory Rape)

Definitionandconstruct:NIBRSsexualoffensecategories sensitive toguardian-
ship reductions in nightlife settings.
Unit of analysis: Block/tract; county for broader trends.
Spatial coverage: NIBRS; venue-adjacent focus.
Temporal coverage: Monthly preferred; special attention to weekends and
events.
Source and access: FBI NIBRS.
Constructionnotes: Consideron-sitevs. off-site classificationandalcohol-sales
hours.
Key caveats: Under-reporting is a major concern; interpret level differences
cautiously.
Hypothesizedrelationship: Potential increase invenue-adjacent sexoffenses
via reduced guardianship and intoxication.
Policy relevance: Training for security staff; environmental design (lighting,
CCTV), ride share partnerships, and survivor-service coordination.

5.1.4 Indicator D—Human Trafficking (Commercial Sex Trafficking)

Definitionandconstruct: Casesflaggedunder federal/state traffickingcodes,
with casinos/hotel complexes serving as “demand hubs.”
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Unit of analysis: County/year (given current data realities). Spatial coverage:
National FBI trafficking datasets; local task-force data when available.
Temporal coverage: Annual;maybe supplementedwithmonthly intel/event
logs where available.
Source and access: FBI trafficking datasets; state task forces; NGO reports.
Construction notes: Expect low base rates and under-detection; consider
tip-line and case-management co-measures.
Key caveats: Detection intensity and law-enforcement focus drive variation;
interpret as signal rather than complete prevalence.
Hypothesized relationship: Increase post-opening at county level, but ef-
fects highly sensitive to surveillance.
Policy relevance: Justifies coordinated operations among police, hotel secu-
rity, and service providers; informs training and licensing requirements.

5.1.5 IndicatorE—White-CollarandFinancialCrime(Fraud,Embezzlement,Bribery,
Cargo Theft proxies)

Definition and construct: Financial/white-collar offenses linked to (a) op-
portunity structure (cash/credit volume, anonymity) and (b)problemgambling-
induced offending.
Unit of analysis: County/year recommended (rare events).
Spatial coverage: FBI NIBRS/UCR categories where available.
Temporal coverage: Annual; can be semi-annual if data permit.
Source and access: FBI financial crime categories; state AG reports.
Constructionnotes: Consider separatingemployee-perpetratedvs. patron-perpetrated
offenses where discoverable.
Key caveats: Detection/reporting heterogeneity; multi-jurisdictional cases
may not resolve to the casino county.
Hypothesized relationship: Increase post-opening at the county level; mag-
nitude depends on compliance regimes and surveillance.
Policy relevance: Supports internal controls, cashier cage audits, AMLproto-
cols, and regulator capacity planning.
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5.1.6 Indicator F— Law-Enforcement Capacity (Officers and Civilian Staff)

Definition and construct: Counts of sworn officers and civilian staff in local
agencies as a control and cost indicator.
Unit of analysis: County (or law enforcement agency).
Spatial coverage: FBI Law Enforcement Employment datasets.
Temporal coverage: Annual.
Source and access: FBI LEEP-style publications/ICPSR.
Construction notes: Match to crime series to avoid omitted-variable bias;
can also proxy capital/soft costs of policing.
Key caveats: Jurisdictional re-organizations confound time series.
Hypothesized relationship: Increase in staffing accompanying casino open-
ing; maymediate apparent crime trends.
Policy relevance: Budget planning, interlocal agreements, and cost-sharing
debates.

5.2 Substance Use, Alcohol-Related Disorder, and Public Order
5.2.1 Indicator G—DUI Incidents

Definition and construct: Driving under the influence incidents/citations;
salient because of 24/7 alcohol service typical of casino venues.
Unit of analysis: County/month preferred; block-level near casino if crash
reports have coordinates.
Spatial coverage: State crash databases; NIBRS DUI offenses.
Temporal coverage:Monthly is ideal for weekend/event effects.
Source and access: State DOT crash files; FBI NIBRS.
Construction notes: Include alcohol-related fatal crashes where available;
match to hotel occupancy and visitor arrivals.
Keycaveats: Variation in testing/reporting;must adjust for vehiclemiles trav-
eled (VMT).
Hypothesized relationship: Increase in DUI and alcohol-involved crashes
post-opening.
Policy relevance: Ride share partnerships, late-night transit/patrols, server
training, and targeted sobriety checkpoints.
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5.2.2 Indicator H—Drug/Nicotine Violations

Definitionandconstruct: Arrestsor citations for illicitdrugsand (where tracked)
nicotine violations among adults/youth.
Unit of analysis: County/month; school-district where available (for youth).
Spatial coverage: NIBRS; school discipline datasets if available.
Temporal coverage:Monthly preferred.
Source and access: FBI NIBRS; ICPSR for county-level UIBRS variants.
Construction notes: Distinguish possession vs. distribution; control for po-
lice effort.
Key caveats: Enforcement sensitivity; interpret trends as mixture of use and
policing priorities.
Hypothesizedrelationship: Increase indrugoffenses incasinocounties; prox-
imity gradient expected.
Policy relevance: Informson-site security, harm-reductionpartnerships, and
local diversion programming.

5.3 Youth Outcomes and Higher Education
5.3.1 Indicator I—YouthRiskBehaviors (Alcohol, Tobacco, IllicitDrugs, Suicidality)

Definition and construct: YRBS-based prevalence among high-school stu-
dentsof currentalcoholuse, tobaccouse, illicitdruguse, andsuicidality (ideation/attempt).
Unit of analysis: County (where state authorizes county estimates) or local
education agency; biennial surveys.
Spatial coverage: YRBS jurisdiction-dependent; not all counties have esti-
mates.
Temporal coverage: Biannually.
Source and access: CDC YRBS; state health/education departments.
Constructionnotes: Link tocasinocounty statusandopeningdates; difference-in-differences
design recommended.
Keycaveats: Survey representativenessandsmall-N insub-areas; privacy sup-
pression rules.
Hypothesized relationship: Increase in youth risky behaviors post-opening,
mediated by parental supervision and community norms (social disorgani-
zation pathways).
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Policy relevance: Justifies school-communitypreventionand family-support
interventions in casino-adjacent areas.

5.3.2 Indicator J— Juvenile Justice Petitions/Non-Petitions

Definitionandconstruct: Countsof juvenile courtpetitionsandnon-petition
case dispositions, used to proxy delinquency or system contact.
Unit of analysis: County/year via EZACO (state-compiled).
Spatial coverage: Participating states; check availability for Texas and neigh-
bors.
Temporal coverage: Annual.
Source and access: EZACO; state courts.
Constructionnotes:Usepopulation-standardized rates;modelpolicychanges
that affect diversion.
Key caveats: Legal/policy shifts (e.g., diversion expansion) can move counts
independent of true behavior.
Hypothesizedrelationship: Increase inpetitioned/non-petitioncases if casino
presence contributes to disorganization or parental strain.
Policy relevance: Targeted youth services and evening/weekend program-
ming near employment centers with non-standard shifts.

5.3.3 IndicatorK—AcademicOutcomes (Attendance,Performance) /Higher-EdLink-
ages

Definition and construct: Student attendance rates, standardized test out-
comes, and transition to higher education; evidence base links youth gam-
bling exposure with diminished academic performance and well-being.
Unit of analysis: School district or county.
Spatial coverage: State education data portals; literature matrix documents
associations andmechanisms.
Temporal coverage: Annual school years.
Sourceandaccess: Stateeducationagencies;NationalCenter forEducational
Statistics.
Construction notes: Link to casino exposure using distance to property and
opening cohorts; adjust for poverty and school quality to avoid confounding.
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Keycaveats:Many studies are correlational; access to student-level restricted
data is often limited.
Hypothesized relationship: Risk of lower academic performance and higher
absenteeismwhere family stress/problemgamblingare salient; but sometribal
revenue contexts show positive education investment effects — expect het-
erogeneous impacts.
Policy relevance: School support services; scholarship targeting where gam-
ing revenue is used for education; early identification of at-risk youth.

5.4 Special Populations (Older Adults and Veterans)
5.4.1 Indicator L—ProblemGambling and Service Contact among Older Adults

Definition and construct: Rates of screenings, helpline contacts, or treat-
ment admissions among older adults; casinos can provide social outlets but
may elevate risk for fixed-income patrons.
Unit of analysis: County/year (service system data) or survey estimates.
Spatial coverage: Depends on state mental-health and problem-gambling
reporting systems.
Temporal coverage: Annual; quarterly if helpline data available.
Source and access: State problem-gambling councils, helplines, and behav-
ioral health agencies.
Construction notes: Normalize by 65+ population; integrate casino proxim-
ity.
Key caveats: Self-selection and stigma; helpline data reflect awareness and
outreach.
Hypothesizedrelationship: Potential increase incontacts/screensafteropen-
ing; magnitude driven by outreach and availability of venues.
Policy relevance: Senior-center programming, transportation partnerships,
and targeted screening in primary care.

5.4.2 Indicator M—ProblemGambling and Service Contact among Veterans

Definitionandconstruct:Helpline/treatmentencountersandscreening-positive
rates among veterans, flagged as a special population for monitoring in sub-
sequent phases.
Unit of analysis: County/year; VA facility catchment area where possible.
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Spatial coverage: State councils, VA facilities.
Temporal coverage: Annual/quarterly.
Source andaccess: VA, state behavioral health, problem-gamblingproviders.
Constructionnotes: Requires data-sharing agreements; confidentiality rules
apply.
Key caveats: Under-reporting and care-seeking stigma.
Hypothesizedrelationship: Increasedservicecontacts incasinocounties con-
tingent on outreach and screening policies.
Policy relevance: VA-communitypartnerships; screening inprimary/behavioral
care; targeted preventionmessaging.

5.5 Market Structure, Substitution, and Fiscal Interdependence
5.5.1 Indicator N— Lottery Sales per Capita

Definition and construct: Dollar sales per capita by county/ZIP to test sub-
stitution when casinos enter a market.
Unit of analysis: County (ZIP where available).
Spatial coverage: State lottery reporting; some states provideZIP-level series.
Temporal coverage:Monthly/quarterly/annual depending on state.
Source and access: State gaming/lottery commissions (e.g., Maryland cited
in examples).
Construction notes: Link to casino proximity; include controls for income
and unemployment.
Key caveats: Product mix changes and promotions can confound trends.
Hypothesized relationship: Decline in lottery sales near new casinos (sub-
stitution).
Policy relevance: Forecasting state fiscal shifts; anticipating distributional
effects across counties.

5.5.2 Indicator O— Sports Betting Activity (Handle/Revenue)

Definitionandconstruct: Totalhandle (wagers) andoperator revenuebycounty/market.
Testswhether sportsbettingcannibalizesorcomplementscasinoslots/tables.
Unit of analysis: County/metro where reportable.

24



Spatial coverage: State regulatory reports; aggregator statistics.
Temporal coverage:Monthly/quarterly.
Source and access: State gaming regulators; third-party dashboards.
Construction notes: Align with casino opening/launch dates; instrumented
or staggered DiD designs recommended.
Key caveats: Product rollouts and mobile-only markets complicate spatial
attribution.
Hypothesizedrelationship:Mixed—complementarity in somestates (slots/tables
rise with sportsbook), cannibalization of VLTs in others.
Policy relevance: Guides regulatory sequencing (sportsbooks inside/outside
casinos) and tax-rate design.

5.5.3 Indicator P—Casino Revenue and Admissions

Definition and construct: Property or market-level revenue and admissions
to capture competitive impacts of nearby Video Gaming Terminals or new
casinos.
Unitofanalysis: Property/market; countyproxywhereonly tax receiptsavail-
able.
Spatial coverage: State regulator reports; annual financials where public.
Temporal coverage:Monthly/annual.
Source and access: State gaming boards; FOIA if needed.
Construction notes: Model distance bands between properties; account for
entry timing and capacity expansions.
Key caveats: Regulatory changes (tax rates, smoking bans) andmacro shocks
(recessions) can dominate trends.
Hypothesized relationship: Cannibalization within tight radii; complemen-
tarity in destinationmodels with hospitality bundles.
Policy relevance: Licensing, location strategy, and tax-revenue forecasting.

5.5.4 Indicator Q—Online-Offline Complementarity (Search/App Proxies)

Definitionandconstruct: Volumeofgambling-appdownloads/searches scaled
by total app/searchvolume toproxy interest; pairedwithofflinecasino traffic.
Unit of analysis: County/metro (IP-mapped).
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Spatial coverage: Third-party analytics platforms or Google Trends.
Temporal coverage:Monthly/quarterly.
Source and access: SensorTower/SimilarWeb (subscription); Google Trends
(public).
Construction notes: Normalize across platforms; treat as correlates rather
than outcomes.
Key caveats: Attribution challenges; device-level noise.
Hypothesized relationship: Complementarity—online engagement moves
with offline activity.
Policy relevance: Marketing spillovers and problem-gambling surveillance
signal.

5.6 Tourism, PlaceManagement, and Comparative Destinations
5.6.1 Indicator R—Visitor Arrivals

Definitionandconstruct: Totalmonthlyvisitor counts for thecounty/city—key
control for population-at-risk in crime models and as a direct tourism out-
come.
Unit of analysis: County/city.
Spatial coverage: ConventionandVisitorsBureaus; airport/attractioncounts.
Temporal coverage:Monthly.
Source access access: CVBadministrative data; sometimes fee-based; partial
public dashboards.
Construction notes: Align with hotel occupancy; create seasonality controls
and interaction terms with policing.
Key caveats: Countingmethods vary (unique visitors vs. attendances).
Hypothesized relationship: Increase post-opening for destination models;
moremuted where casinos are local convenience venues.
Policy relevance: Justifies infrastructure and public-safety resourcing tied to
tourism cycles.

5.6.2 Indicator S—Hotel Occupancy Rate / Average Daily Rate

Definition and construct: Monthly occupancy and possibly Average Daily
Rate (ADR) as tourism intensity metrics.
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Unit of analysis: County/market.
Spatial coverage: Smith Travel Research (STR) and CVB reports (often sub-
scription).
Temporal coverage:Monthly.
Source and access: STR, CVB dashboards.
Construction notes:Use as control and as outcome; integratewith crime per
visitor denominators.
Key caveats: STR coverage varies by participation; confidentiality aggrega-
tion.
Hypothesized relationship: Increase in occupancy for casino-resortmodels;
neutral for limited-amenity properties.
Policy relevance:Guides lodging taxprojectionsandhotelpolicing/EMSplan-
ning.

5.7 Health Harms andHarmReduction
5.7.1 Indicator T—AdultMental-Health Screens: SevereDepression (PHQ-9 20–27)

Definition and construct: Share and rate of severe depression among on-
line PHQ-9 screeners, using Mental Health America’s (MHA) large screening
dataset. Metrics include total screens, severe-depressioncount, per-100k rates
(state/county), and percent at risk among screeners.
Unit of analysis: County and state.
Spatial coverage:NationwidewhereMHAhas sufficient ZIP→county assign-
ment; counties with <5 “positive” results are excluded.
Temporal coverage: Multi-year with annual aggregation (per MHA’s public
Tableau views).
Source and access:Mental Health America public Tableau data; county- and
state-level extracts available.
Construction notes: MHA assigns ZIPs to counties by majority area; county
population built by summing ZIP populations; normalize to per-100k rates
and compute percent severe among screeners.
Keycaveats:Non-probability sampleofhelp-seekingscreeners; notageneral-population
prevalencemeasure; sensitive to outreach and awareness.
Hypothesized relationship: Possible increase in severe-depression risk in-
dicators if casinos exacerbate financial stress or problem gambling; findings
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mixed in Phase 1 review, so consider heterogeneity and lagged effects.
Policy relevance: Earlywarning for servicedemand; helps targetbehavioral-health
resources and problem-gambling screening.

5.7.2 Indicator U—Alcohol-Involved Traffic Fatalities / Hospital Encounters

Definitionandconstruct: Rates of alcohol-involved crashes andED/hospital
encounters; cited literature shows elevated alcohol-related fatal traffic acci-
dents in casino counties.
Unitofanalysis: County/month (crashes); hospital servicearea (encounters).
Spatial coverage: StateDOTcrashfiles; hospitaldischargedatasets (restricted).
Temporal coverage:Monthly (crashes); quarterly/annual (hospital).
Source and access: State DOT; state hospital associations.
Construction notes: Control for visitors, weekend effects, and policing.
Key caveats: Toxicology practices and ICD coding variation.
Hypothesized relationship: Increase post-opening; proximity gradient tied
to late-night/early-morning hours.
Policy relevance: Grounds investment in sobriety checkpoints, transport al-
ternatives, and EMS coverage.

5.7.3 Indicator V— Family Stress and ChildWell-Being Proxies

Definition and construct: Qualitative/quantitative signals of family stress,
childemotional/behavioraloutcomes, and intergenerationalharms inhouse-
holds affected by gambling.
Unitofanalysis: County/district (usingavailable survey/administrativeprox-
ies).
Spatial coverage: Literature indicatesvariedcontexts, including theU.S., Aus-
tralia, and tribal communities; use local proxies as available.
Temporal coverage: Annual (administrative); periodic (surveys).
Source and access: Child-welfare hotline calls.
Keycaveats:Manysourcesareassociational; careful causaldesignsareneeded
for local inference.
Hypothesizedrelationship: Potential increase instress-linkedharms; but revenue-sharing
contexts can offset via education/income supports (heterogeneous).

28



Policy relevance: Informs family support services, problem-gambling pre-
vention, and responsible gaming strategies.

6 Next Steps
Our review of the extant literature in the targeted areas of focus (crime and public safety,
youth and higher education, mental, behavioral, and overall health, and economic and
market considerations) has guidedour nominationof candidate indicators formodeling
the social impact of legalized commercial casino gaming in North Texas. Our proposed
methodological framework, due to its robust syntheticdesign, requires thatour indicator
datameet ahigherquality standard. Asnotedat thebeginningof thispaper, ourmethods
will require that we use data that are:
1. measured consistently across the geographies we’re studying,
2. measured consistently from several years prior to casino introduction to several

years after introduction, and
3. available at sufficient spatial granularity to identify effects.

Because of resource and time constraints, our teamwill pare down theworking list above
to a select number of indicators in each key area. This is the data we will use to assess
the impact of legalized commercial casino gaming in our study geographies, and those
findings will be applied through synthetic controls to estimate the effects of legalization
in North Texas.
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7 APPENDIX

A1 Guide to Evaluating Papers

1 Why this guide?
Debates on casino legalization often cite research claiming that:

• “Casinos are associated with higher smoking rates.”
• “Casinos are correlated with child obesity.”
• “Communities with casinos havemore crime / less employment / worse health.”

These statements sound causal (casinosmade this happen), but many come from stud-
ies that only measure correlations, not the actual causal impact of casinos. More rigor-
ous experimental or quasi-experimental studies often find much smaller effects, or no
effect at all, suggesting for example:

Casinos do not necessarily create more smokers; instead, smokers may be
more likely to go to casinos.

This guide is meant to help quickly distinguish:
• Descriptive studies that show patterns (“who goes where”), from
• Causal studies that estimate what casinos actually do.

The focus is on casino legalization, but the concepts apply tomany other policy areas.

2 First question: correlation or causation?
When you see a headline result, the first question should be:

Does this study show that casinos cause the outcome, or only that they oc-
cur together?

2.1 Warning signs of “just correlation”

• Language like: “associatedwith”, “linked to”, “correlatedwith”, “in countieswith casi-
nos we observe. . . ”.

• One-time snapshot: comparing places with casinos to places without casinos at a
single point in time, without tracking changes over time.

• No clear explanation of how casino legalization would cause the outcome.
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2.2 Signs of stronger causal evidence

• The study explicitly uses a recognized causal design, such as:
– A randomized experiment (rare in this area).
– A natural experiment (e.g. staggered casino legalization across jurisdictions).
– Difference-in-differences, regression discontinuity, or similar approaches.

• Language like: “we estimate the impact of casino legalization on X by exploiting. . . ”,
followed by a clear explanation of how the authors isolate the policy effect from
other factors.

If you cannot tell how the study separates cause and effect, treat the findings as descrip-
tive correlations, not policy-ready causal evidence.

3 Checklist: wording that signals stronger or weaker designs
The specific words authors use often tell you how seriously they have thought about
causality. The table below is a simple reading aid.

3.1 A. Good signs in wording (things to look for)

These terms suggest the authors are explicitly thinking about causality and research de-
sign:

• Exogeneity (or “exogenous variation”):
– Means the variation used to identify the effect (e.g. timing or location of casi-
nos) is not driven by the outcome itself.

– Goodphrase: “Weexploit exogenousvariation incasinoopeningsdue toa state-
wide policy change. . . ”

• Selection (or “selection bias”, “self-selection”):
– Means the authors recognize that people who go to casinos, or places that
legalize casinos, may differ systematically from others.

– Good phrase: “Because casino visitors are likely to differ from non-visitors, we
account for selection by. . . ”

• Counterfactual:
– The counterfactual is what would have happenedwithout casinos.
– Good phrase: “Our comparison group approximates the counterfactual trend
in smoking in the absence of casino legalization.”

• Identification strategy:
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– Good papers explain their “identification strategy”—how they separate the
casino effect from everything else happening at the same time.

3.2 B. Bad signs when these aremissing

If apaperdoesnot discuss exogeneity, selection, or counterfactuals, this is a strong signal
that:

• The authors may be treating correlation as causation.
• Theymay not have adequately accounted for:

– Whywere casinos opened in particular places?
– Why certain people choose to go to casinos.
– What would have happened over time even without casinos (general trends).

In short: if the paper never addresses exogeneity, selection, or counterfactuals, its results
are unlikely to be a reliable guide to causal effects for policy.

4 Who is being compared to whom?
For casino impacts, themain risk is selection: the people and places affected by casinos
are not random.
Key questions:
1. Who is in the “casino group”?

• Are these people who visit casinos, or communities that have casinos?
• Frequent casino visitors may have been more likely to smoke or have health
issues long before the casino visit.

2. Who is the comparison group?

• People who do not visit casinos?
• Similar communities without casinos?
• The entire population?

3. Were the groups similar before casinos opened?

• If casino communities were already different (e.g. poorer, more tourism, dif-
ferent age structure), simple comparisons will mix up pre-existing differences
with casino effects.

If the casino and comparison groups were already different to begin with, simple corre-
lations are likely to bemisleading.
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5 Why trends over timematter: a concrete example
A common mistake is to compare smoking rates before and after a casino opens in one
location, without asking what would have happened there anyway.
Assume:

• A casino opened in 2005.
• We observe smoking rates in 2004 (before) and 2006 (after).
• Over this period, smoking is declining across the whole country due to national
health campaigns, taxes, and changing habits.

5.1 Data from one casino county and one comparison county

Suppose the data look like this:

Smoking in 2004 Smoking in 2006
Similar county without casino (control) 10% 8%
County with casino (treated) 12% 11%

5.2 What a naive readingmight say

If we only look at the casino county:
• Smoking fell from 12% to 11%, a decrease of 1 percentage point.

A naive conclusion would be:
“After the casino opened, smoking fell by 1 percentage point; therefore, the
casino reduced smoking by 1 percentage point.”

This is incorrect, because it ignores the broader trend: smoking is falling everywhere,
not just where casinos open.

5.3 Using trends and a difference-in-differences logic

We should ask: what was happening in similar places without casinos?
• In the non-casino (control) county, smoking fell from 10% to 8%: a decline of 2
percentage points.

• This 2-point decline reflects the general downward trend in smoking.
If the casino county followed the same underlying trend (without a casino), we would
expect smoking there to fall by 2 percentage points as well. Starting from 12% in 2004,
the expected rate in 2006 without a casino would be:
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12% − 2% = 10%.

Instead, we observe 11%. So, relative to the expected trend, smoking is:

11% − 10% = 1% higher than it would have been without the casino.

5.4 Difference-in-differences in one line

This logic is the intuition behind a difference-in-differences design:

Effect of casino = ( 11% − 12%︸        ︷︷        ︸
change in casino county

) − ( 8% − 10%︸      ︷︷      ︸
change in control county

) = (−1%) − (−2%) = +1%.

So the best estimate is:
The casino increased smokingby 1percentage point relative towhatwould
have happened without it.

The key lesson: looking only at the treated location before and after a policy change
combines the policy effect with whatever was happening in the background over time.
A proper comparison to a similar control group is essential.

6 Typical pitfalls in “casino impact” studies
When you see claims like “casinos are associated with more smoking” or “casinos are
associated with child obesity,” the following pitfalls are common.

6.1 1. Selection bias (who goes to casinos)

• Smokers, heavy drinkers, or people with other risk factorsmay bemore inclined to
visit casinos.

• A simple comparison of “casino visitors versus non-visitors” mostly tells you who
chooses to go to casinos, not what casinos cause.

6.2 2. Location bias (where casinos are built)

• Casinosareoftenbuilt in specific typesofareas: tourist regions, economically strug-
gling areas, or places withmore permissive local regulations.

• If those areas already had higher smoking, obesity, or crime, we may incorrectly
attribute these pre-existing conditions to the casinos.
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6.3 3. Ignoring time trends

• Outcomes such as smoking, obesity, and employment follow broader national or
regional trends.

• If a studyexaminesonly “after casinosopened” in the treatedarea,without aproper
comparison group, it can misattribute general trends (like a national decline in
smoking) to casino legalization.

6.4 4. Multiple outcomes and selective reporting

• If a study testsmany outcomes, somewill look “statistically significant” by chance.
• Good practice is to:

– Pre-specify main outcomes.
– Report results transparently, not only themost dramatic ones.

7 What stronger designs look like in this area
Youwill rarely see fully randomizedexperiments for casinopolicy, butquasi-experimental
designs can still provide relatively strong causal evidence.

7.1 1. Difference-in-differences (DiD)

• Compares changes over time in areas that legalize casinos to changes in similar
areas that do not.

• Good studies will:
– Show that pre-legalization trends in outcomeswere similar across treated and
control areas.

– Check robustness to alternative comparison groups and time windows.

7.2 2. Natural experiments and policy discontinuities

• Use features such as:
– A law change affecting some jurisdictions but not others.
– Distance to the nearest newly opened casino.

• The key idea is to find variation in casino exposure that is as close as possible to
random.
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7.3 3. Panel data with fixed effects

• Follows the same individuals or regions over time.
• Controls for time-invariantdifferences (e.g. long-standingculturaloreconomicdif-
ferences between counties).

• Still needs careful handling of trends and other policies.
Overall, give more weight to:

Experimentalorquasi-experimentaldesignswithclear identificationstrate-
gies
overone-timecorrelationsor simplebefore/after comparisons inasinglearea.

8 A practical checklist for reading casino impact studies
Whenastudyoncasino legalization landsonyourdesk, youcanuse this simplechecklist.

8.1 A. Basic facts

• What is themain outcome? (e.g. smoking, child obesity, employment, tax revenue,
crime)

• What is the treatment? (casino legalization, casino openings, casino visitation)
• What are the units? (individuals, neighborhoods, counties, states)

8.2 B. Design and identification

• Is the study cross-sectional (one snapshot) or longitudinal (over time)?
• Does itusea recognizedcausalmethod (experiment, natural experiment, difference-
in-differences, etc.)?

• Does it clearly explain the identification strategy, including:
– Exogeneity of the variation used.
– How it deals with selection.
– What the counterfactual is and how the comparison group approximates it.

8.3 C. Confounders and controls

• Does thestudycontrol forobviousconfounders (income, age, education, urban/rural
status, etc.)?

• Does it show that key variables and trends were similar before the casino opened?
• Does it acknowledge limitations and remaining uncertainty?
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8.4 D. Magnitude and robustness

• Are the estimated effects large enough tomatter in practice, not just statistically?
• Are the results robust to reasonable alternative specifications?
• Are the authors cautious in their conclusions, or do they over-interpret small or
fragile correlations?

9 Putting it together: how to weigh different kinds of evidence
In practice, you can classify studies into rough tiers:

• Tier 1: Strong causal designs (cleannatural experiments, convincingdifference-in-
differences with good trend checks).

• Tier 2: Longitudinal studies with good controls but weaker causal identification.
• Tier 3: Simple correlations, one-time snapshots, or case studies.

Policydecisionswith large consequences shouldbebasedprimarily onTier 1 (and some-
times Tier 2) evidence. Tier 3 evidence is best used to generate hypotheses or highlight
areas where better research is needed, not to justify strong policy claims.

10 Key takeaway for policymakers
For casino legalization, a central distinction is:

Do casinos change people’s behavior, or do they simply attract people and
places with certain characteristics?

Many studieswill show that casinos areassociatedwithhigher smoking, obesity, or other
outcomes. That does not automatically mean casinos cause those outcomes.
To improve the quality of the debate about policy change, we recommend:

• Insisting on clarity about correlation versus causation.
• Askingwhether exogeneity, selection, and counterfactuals are explicitly addressed.
• Givingmoreweight to studieswithwell-defined identificationstrategiesandproper
use of time trends and comparison groups.
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